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Introduction

In this paper, we discuss an efficient and effective index mechanism for the
string matching with k differences, by which we will find all the substrings of @

Methods

Combine Dynamic Programming Paradigm with BWT Array Searching

0O BWTarray L of y, denoted as BWT(Y), can be established by using the suffix

Methods (continued)

O String matching by using the BWT array can be represented as a
sequence, called a search sequence:

]

Experiments

In our experiments, we have tested altogether 7 strategies:

Conclusions

In this paper, a new index-based method is discussed for solving the string
matching with k differences. This is highly important to searching genome
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1. A character of the pattern corresponds to a different character of the To produce BWT(y), we first rotate y consecutively to create |y| different strings, the corresponding search sequence. Bbl h

target. In this case we say that there is a mismatch between the two sort them lexicographically. Then, write them stacked vertically as shown in the Dat I |0grap y

ata

characters;

2. A character of the target corresponds to "no character” in the pattern (an
insertion into the pattern); and

3. A character of the pattern corresponds to "no character" in the target (a

6th column of the following table, where each character is subscripted to
represent its position in the original y. (That is, we rewrite y as g,t,a,t,a,c,a;.) For
example, a, represents the second appearance of a in y; and t, the first
appearance of tiny. In the same way, we can check all the other appearances of

pattern: x = acacg (x = gcaca); k=2
target: y = gtataca (BWT(y)= acttaSag);

Gorilla 3,063,403,506 406.817
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